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* Date:  Feb 10 (Monday), 2025

* Time:  11:00-12:00 AM at Taiwan (GMT+8)

* Zoom link:

https://cern.zoom.us/j/66342263280?pwd=DBemHUOnO6QIiQy
U5y2WbeaEaBGcyT.1

https://cern.zoom.us/j/66342263280?pwd=DBemHUOnO6QIiQyU5y2WbeaEaBGcyT.1


CaloChallenge 2022: A Community 
Challenge for Fast Calorimeter Simulation
https://arxiv.org/abs/2410.21611
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https://arxiv.org/abs/2410.21611


Metrics (Sec. 8)

1. High-level Features (Histograms)

2. Pearson Correlation Coefficient (PCC)

3. Classifier-based Metrics

4. Computer Science-inspired Metrics

5. Manifold-based Metrics

6. Generation Timings

7. Memory Requirements
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8.4. Computer Science-
inspired Metrics
• Fr´echet Inception distance (FID): to extract salient 

high-level features of real and generated images via 
the activations of the penultimate layer of a high-
performing inception classifier, and then compare 
them using the Fr´echet, or 2-Wasserstein, distance 
between Gaussian fits to the two sets of features. 
This metric has been shown to be highly sensitive 
to the quality and diversity of generated images 
and has been extended as well to evaluate jet 
simulations using the ParticleNet classifier.
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8.4. Computer Science-
inspired Metrics
• Fr´echet Inception distance (FID)

• Fr´echet physics distance (FPD)

• Kernel physics distance (KPD)

• Kernel Inception distance (KID)
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FID from ChatGPT
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Computer Science-inspired 
Metrics
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8.5. Manifold-based Metrics
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8.5. Manifold-based Metrics
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Manifold-based Metrics
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8.6. Generation Timings
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8.7. Memory Requirements
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